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Abstract
Background: Trials of intermittent preventive treatment against malaria in infants (IPTi) using sulphadoxine-pyrimethamine
(SP) have shown a positive, albeit variable, protective efficacy against clinical malaria episodes. The impact of IPTi in
different epidemiological settings and over time is unknown and predictions are hampered by the lack of knowledge about
how IPTi works. We investigated mechanisms proposed for the action of IPTi and made predictions of the likely impact on
morbidity and mortality.
Methods/Principal Findings: We used a comprehensive, individual-based, stochastic model of malaria epidemiology to
simulate recently published trials of IPTi using SP with site-specific characteristics as inputs. This baseline model was then
modified to represent hypotheses concerning the duration of action of SP, the temporal pattern of fevers caused by
individual infections, potential benefits of avoiding fevers on immunity and the effect of sub-therapeutic levels of SP on
parasite dynamics. The baseline model reproduced the pattern of results reasonably well. None of the models based on
alternative hypotheses improved the fit between the model predictions and observed data. Predictions suggest that IPTi
would have a beneficial effect across a range of transmission intensities. IPTi was predicted to avert a greater number of
episodes where IPTi coverage was higher, the health system treatment coverage lower, and for drugs which were more
efficacious and had longer prophylactic periods. The predicted cumulative benefits were proportionately slightly greater for
severe malaria episodes and malaria-attributable mortality than for acute episodes in the settings modelled. Modest
increased susceptibility was predicted between doses and following the last dose, but these were outweighed by the
cumulative benefits. The impact on transmission intensity was negligible.
Conclusions: The pattern of trial results can be accounted for by differences between the trial sites together with known
features of malaria epidemiology and the action of SP. Predictions suggest that IPTi would have a beneficial impact across a
variety of epidemiological settings.
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Introduction
Intermittent preventive treatment in infants (IPTi) involves
giving antimalarial drugs at scheduled times during the first year of
life, irrespective of whether the infants have malaria infections [1].
The limited number of doses is intended to retain the benefits of
weekly or fortnightly chemoprophylaxis whilst avoiding the
disadvantages: thus reducing malaria morbidity and mortality
while minimising difficulties in sustainability, accelerating drug
resistance or impairing the development of natural immunity.
IPTi trials to date have shown a strong, albeit variable, protective
efficacy against clinical episodes of malaria in the first year of life [2].
How the impact of IPTi varies over time and in different
epidemiological settings is unknown. Prediction is hampered by
the lack of knowledge of both how IPTi works and the extent to
which different trial characteristics may account for the variability in
the observed estimates. Trial characteristics which have been
highlighted are levels of drug resistance, transmission intensity,
seasonality, IPTi schedule, and other interventions for malaria
control (such as insecticide-treated nets (ITN) and treatment
coverage) [2–4]. We use these characteristics as inputs to a stochastic
simulation model of malaria epidemiology. We then modify this
model to represent hypotheses that have been proposed for the
mechanism of IPTi to investigate which of these hypotheses are
consistent, and which cannot be reconciled, with the observed trial
results. The hypotheses, defined in the Methods section, concern the
duration of action of SP, the temporal pattern of fevers caused by
individual infections, the potential benefits for acquired immunity of
avoiding episodes and the effect of sub-therapeutic levels of SP on
parasite dynamics. We then use the model which best fits our criteria
to make predictions of the impact of IPTi in different epidemiolog-
ical settings and with varying drug characteristics.
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Model 1 (Baseline model): Model of malaria
epidemiology taking into account between-trial
differences
We combine a published model of malaria epidemiology [5]
with an added component for the action of SP [6] and input the
different trial characteristics such as transmission intensity and
treatment coverage. This allows us to see if the between-trial
differences in combination with this model can account for the
heterogeneity in observed efficacy estimates.
Model for malaria epidemiology. The model is individual-
based and stochastic, and is fully described elsewhere [5]. Briefly,
there is a simulated population of individuals who are updated at
five-day timesteps via model components representing new
infections, parasite densities, acquired immunity, morbidity,
mortality and infectivity to mosquitoes (Figure 1). The course of
parasite densities over an infection are described by averaged
empirical data (described in [7]). Immunity to asexual parasites is
derived from a combination of cumulative exposure to both
inoculations and parasite densities, and maternal immunity [7].
The inclusion of acquired immunity allows us to model potential
effects of IPTi on immunity through loss of exposure. The
probability of a clinical attack of malaria depends on the current
parasite density and a pyrogenic threshold (described in [8]). The
pyrogenic threshold responds dynamically to recent parasite load,
increasing orsaturating through exposure to parasites and decaying
with time, and thus is individual- and time- specific. Severe malaria
can arise in two ways, either as a result of overwhelming parasite
densities or through uncomplicated malaria with concurrent non-
malaria co-morbidity [9]. Mortality can be either direct (following
severe malaria) or indirect (uncomplicated malaria in conjunction
with co-morbidity, or during the neonatal period as a result of
maternal infection) [9]. The parameter values for this model were
estimated by fitting to data from a total of 61 malaria field studies of
various different aspects of malaria epidemiology, [10,11] and are
given in Table S1.
Simulation of sulphadoxine-pyrimethamine and drug
resistance. The benefits of SP depend on a combination of
the drug concentration and the frequency of mutations conferring
drug resistance present in the population [6], however the exact
time-course and killing action of SP is not known [12]. Hastings
and Watkins quantify the chances of failing treatment with correct
dosing for dihydrofolate reductase (dhfr) wildtype, 108, doubles,
triples at 0, 0, 0, 50% respectively, while periods of preventive
effect are 52, 12, 12, 2 days [6]. We simulate the action of SP
according to these numbers rounded to the 5 day time steps used
by the simulation model. Although dhps mutations have been
isolated at the sites, they are not considered in this study.
Simulation of clinical episodes. The primary trial outcome
was clinical episodes, defined as detected fever or history of fever
together with parasitaemia, and infants were regarded as not at
risk for the following 21 days [3]. In our simulations, only fevers
presenting for treatment were counted as episodes and the infant
was classified as not at risk for the following 4 five-day periods.
Model 2: Alternative time duration for SP action
The duration of the prophylactic period for SP is not well
established. We vary the duration of SP action from the baseline
model, which has a prophylactic period of 50 days for wildtype
infections [6], to 30 days. This alternative time period was chosen
because drug concentrations of sulfadoxine and pyrimethamine
Figure 1. Simplified processes in the baseline model.
doi:10.1371/journal.pone.0002661.g001
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and an isobologram suggests that there is a sharp drop in SP action
after approximately a month [13]. Observations from field studies
also suggest that the apparent effect of SP lasts for roughly one
month [14–16]. Simulated infections are either sensitive or resistant,
and the resistant infections are unaffected by drug treatment.
Model 3: The timing of fevers produced by a single
infection
In non-immune adults inoculated with P. falciparum as treatment
for neurosyphilis, untreated infections can persist for many
months, during which clinical attacks recur at irregular intervals
[17] (Figure 2). The infections cleared or prevented by IPTi would
therefore have caused repeated fevers, some of which could have
occurred 3 months or more after infection.
The timing of fevers is not well characterized by the baseline
model which tends to produce too little variation, missing both
early and late fevers. We therefore use an alternative, simple
simulation model based on the empirical timing of fevers to
examine whether the temporal pattern of fevers resulting from
individual infections can account for the pattern of trial results for
episodes.
Model 3 is different to the other models in that it is not based on
model 1, other than the algorithms for the number of infections
producing blood-stage parasites in each infant [18]. For each
successful infection, we randomly selected one of the 334
malariatherapy patients’ timing of fevers. Concurrent infections
did not interact and there was no acquired immunity. SP was
assumed to act in the same way as for the baseline model.
Model 4: High parasite densities may not be efficient for
acquiring immunity
Overwhelming parasite densities may not contribute as much to
the accrual of immunity as would the same total number of
parasites experienced in smaller doses over a longer period of time.
Such densities cause fever, and the fever itself may also hinder the
acquisition of immunity, possibly through the loss of T- and B-
cells. We modify the baseline model to reduce the contribution of
parasite density to acquired immunity in the presence of a fever.
In the baseline model (model 1), immunity is modelled as a
function of both the number of distinct infections that the
individual has experienced and his or her cumulative parasite load.
The cumulative exposure to parasites for individual i of age a at
time t, Xy(i,t), is defined as the cumulative sum of daily densities of
asexual parasites/microlitre of blood since birth up to time t. This
can be partitioned into the cumulative sum up to time t-1, the
previous five-day time-step, and the sum of the densities over the
last five days, Y5(i,t),
Xy i,t ðÞ ~
ðt{1
t{1
Yi ,t ðÞdt z Y5 i,t ðÞ
For model 4, we include a parameter bf which fixes the
contribution of the current density as Y5(i,t) if a malarial fever is
absent (bf=0=1), but may differ from this if a fever is present.
Xy i,t ðÞ ~
ðt{1
t{1
Yi ,t ðÞdt z bfY5 i,t ðÞ
We fitted the new parameter bf to the same datasets used to fit
model 1, simultaneously with the previously defined parameters
[5,10]. These parameters estimates are given in Table S1. To
calculate Xy(i,j,t) to correspond to the published model [7], we
subtract the contribution of infection j to avoid double-counting.
Model 5: Surviving infections are attenuated by SP
allowing extended low-level exposure beneficial to
stimulating immunity
Waning drug concentrations or partial drug resistance may
allow parasites to survive in the presence of SP whilst restricting
their growth [6]. This may allow an extended time for the immune
system to mount a response to the parasite, which could facilitate
the development of immunity to malaria. [19,20]. It is not known
if attenuated infections can lead to enhanced immunity in this way,
although there is some experimental data from mice that suggests
that this may be possible [21]. Low levels of blood stage infection
in humans can induce immunity [22]. We hypothesize that
infections beginning when SP concentrations have decreased to
sub-therapeutic concentrations have reduced densities and longer
durations compared to when there is no SP, and that this enhances
the development of immunity.
We modify the baseline model so that a simulated infection
beginning within a window period after SP treatment has a longer
duration and lower densities. The window period begins as the
prophylactic action ends, and the duration depends on the dhfr
mutations assigned to the simulated infection (wildtype: 10 days;
108/double/triple: 30 days). We simulate parasite densities in the
same way as for the baseline model, except that we reduce all
densities from the infection by a third and extend the duration by a
factor of 3. This value was arbitrarily chosen to represent an upper
limit for plausible values. The potential consequence of model 5 is
to increase the amount of time that an infant has low-level
parasitaemia, which in turn increases the time that the pyrogenic
threshold is high.
Data sources: The field trials
A model of IPTi should capture the approximate time-course of
efficacy of IPTi trials. The most detailed, standardised age-groups
are those provided by a systematic analysis of six IPTi trials using
SP [3]. For practical reasons, we omit studies not included in this
report [23–26]. All six included trials were carefully conducted
and independently monitored [3].
Figure 2. Timing of fevers* resulting from single infections in
334 neurosyphilis patients. *One fever counted per five-day
interval. This data was collected by the United States Public Health
Service in South Carolina and Georgia between 1940 and 1963 and was
provided by Dr W Collins (Centers for Disease Control and Prevention,
Atlanta, GA).
doi:10.1371/journal.pone.0002661.g002
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Reported seasonal entomological inoculation rates (EIR) and/or
age-prevalence curves were available from three trial sites
(Manhic ¸a, Ifakara and Navrongo) [15,27–29], but not for the
remaining three (Tamale, Kumasi and Lambare ´ne ´) [30–32]. Thus
the formal comparison of models and empirical data was restricted
to simulations from the former three trials, whilst the latter were
used to validate model output against general patterns in the trial
results.
For some age-groups, efficacy estimates for episodes defined
with two different parasite density cut-offs are available: fever plus
parasitaemia of any density, and fever plus high parasite density.
In most cases there is little difference [3,15,27–29]. However, a
discrepancy arises in Navrongo [3,15] for children over one year
of age where the estimated efficacy for high density episodes
($5000/ml) suggests an increase in episodes in the IPTi group
compared to the placebo group which is not apparent for episodes
with parasitaemia of any density. In this case, we use the high
density definition because it is likely to be more specific in a high
transmission area and as age increases [33,34].
Specifying model input values for the trial sites
Transmission intensity, seasonality and ITN use. We
based our model inputs on the published data for seasonality and
transmission intensities (Table 1). In Ifakara, the extensive
coverage of insecticide-treated nets (ITNs) may have
substantially decreased transmission from the reported EIR of 30
per year. Our baseline model does not explicitly include a
component for the impact of ITNs, this is currently being
implemented [35]. However the most relevant consequence for
modelling trials of IPTi would be the reduction in transmission to
the infants. It is likely that ITN use would also decrease onward
transmission, but is not expected to alter the sporozoite load of an
infectious mosquito, nor would a lower sporozoite load be likely to
lead to less severe outcomes in humans [36–38].
For the Ifakara trial, we gauged the effective overall EIR by
comparing observed age-prevalence [39,40] and age-incidence
curves for uncomplicated episodes [39] and malaria hospital
admissions [41] to simulated age curves for a range of annual EIR
values. The best-fitting age patterns were produced by an EIR of
approximately 4. We also considered the effects of decreasing
transmission intensity and reduced seasonality [41]. Decreasing
transmission has been proposed as a possible explanation for the
high protective efficacy estimates observed in the Ifakara trial [42].
For Manhic ¸a and Navrongo, we did not adjust the overall EIR for
ITN use. The inputs for the Manhic ¸a field site have been
previously characterized for the baseline model [43]. We validated
our input EIR value for Navrongo by comparing the simulated
age-prevalence curve against two sets of survey data [7,44]. In
addition, we restricted the simulations for Ifakara to infants who
Table 1. Study sites and trial characteristics.
Schellenberg
et al[27,28]
Chandramohan
et al[15]
Macete
et al[29]
Kobbe
et al[31]
Mockenhaupt
et al[32]
Grobusch et
al[30]
Study site Ifakara, Tanzania Navrongo, Ghana Manhic ¸a,
Mozambique
Kumasi, Ghana Tamale, Ghana Lambare ´ne ´,
Gabon
Pattern of seasonality
1 Perennial Marked seasonality Perennial Perennial Perennial Perennial
Study period 1999–2001 2000–2004 2002–2005 2003–2005 2003–2005 2002–2006
Transmission Intensity (Infectious
bites/adult/year)
29[61] in 1999–2000 418[62] in 2001–02 38 in 2001–02 approx 400 NK (high) Approx 50
ITN coverage 67% 17% 0% 20% ,1% 5%
Untreated net coverage 15% 20% ,1% 85%
Day 14 ACPR* (95% CI) 66% (55,76)[63] 78% (69, 85)[64] 83% (73, 90)[65] { 86%(79,91)[66] 79% (64,90)
{[67]
Trial characteristics
Primary outcome: Protective efficacy
first dose to 12 months[3]
58.8 (40.9, 71.3) 29.3 (17.3, 39.6) 20.1 (2.0, 34.9) 20.9 (8.9, 31.3) 33.3 (20.7, 43.9) 22.0 (225.4,
51.5)
Number of infants enrolled
(placebo/active)
351/350 1242/1243 755/748 535/535 600/600 595/594
Level of randomisation Individual Community Individual Individual Individual Individual
Schedule of IPTi doses (months) 2, 3 and 9 3, 4, 9 and 12 3, 4 and 9 3,9 and 15 3,9 and 15 3,9 and 15
Mean age at doses (months) 2.2, 3.3 and 9.2 3.0, 4.0, 9.5 and 12.6 3.3, 4.4, 9.4 2.8 2.4, 8.1, 14.3 3.1,9.3, 15.3
Coverage 100%, 95%, 84% 95%, 95%, 90%, 91%. 100%,96%,91% 100%,100%,99% 100%,98%,98%
Method of case detection Passive Passive Passive Passive+Active
(monthly)
Passive+Active
(3-monthly)
Passive+Active
(monthly)
First-line treatment SP quinine CQ and SP quinine CQ or SP+AQ
quinine
Artesunate+AQ Artesunate Artesunate
(+AQ)
Rescue treatment
Routine iron supplementation Yes Yes No No No No
*ACPR=adequate parasitological cure rates in clinical cases (6 months–5 years, or ,5 years).
{Children aged 1–10 years.
ITN=insecticide treated net. NK=not know.
1Roca-Feltrer et al, in prep.
{79% infants with triple dhfr and/or dhps mutations at IPTi-3 [31].
doi:10.1371/journal.pone.0002661.t001
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correspond to the recruitment period.
Treatment of clinical episodes. Only simulated fevers
presenting for treatment were counted as episodes and the infant
was classified as not at risk for the following 4 five-day periods to
correspond to the trial definitions [3]. The proportion of malaria
fevers that presented for treatment in the trials is unknown. We
estimated this proportion by assuming that fevers were treated
with a constant probability. We adjusted this probability until our
simulations of the time to first treated episode matched the
published Kaplan-Meier curves for the placebo groups. The
closest matches were found for Ifakara, Manhic ¸a and Navrongo
using 20%, 4% and 7% respectively. The value of 4% in infants in
Manhic ¸a was similar to the previous estimate of 5% for children
1–4 years in a vaccine trial [43]. The pattern of the estimates is
plausible because the Ifakara study area was centred around a
town with relatively good access to the health facility whereas the
other trial settings were rural. We assumed that 48% of the severe
episodes presented for treatment in all trials [9].
Clinical episodes presenting for treatment were given SP in
Ifakara and SP with chloroquine (CQ) in Navrongo (Table 1). In
Manhic ¸a, the national policy changed from CQ to amodiaquine
(AQ) plus SP during the course of the trial. We simulate CQ and
SP as clearing all infections, sensitivity analyses show that this
assumption is not critical. The rescue treatment in the Ifakara,
Manhic ¸a and Navrongo trials was quinine which was given if the
infant was admitted to hospital with malaria, presented within 2
weeks of an IPTi or placebo dose, or presented within 14 days of
receiving SP. We simulate quinine as clearing all infections within
a five-day time-step.
Frequencies of dhfr mutations. Each simulated infection
was assigned a genotype (dhfr wildtype, 108 or double mutations,
or triple mutations). The frequency of dhfr mutations in each trial
site is uncertain. Fourteen day adequate clinical and
parasitological cure rates (ACPR) are available (Table 1), but
they underestimate the true failure rate [12,45]. It is not possible to
determine by how much the rate is underestimated for an
individual site because the 14 day parasitological failure rates have
a low predictive value [45,46]. Estimating dhfr genotype
frequencies from data on the prevalence of mutations in infected
humans is also difficult, because a combination of mutations may
be formed in various ways when there are multiple infections. We
aim to determine only whether the trial results can be reproduced
for a reasonable assumed value of the frequency of dhfr mutations
combined with the baseline model, and so we simulate the trials
over a range of assumed frequencies. The lower bound of this
range was provided by converting the lower confidence interval of
the 14 day failure rates into dhfr genotype frequencies using
simulations of the trials which had reported the 14 day failure
rates. The value producing the best-fitting predictions within this
range was chosen.
Scenarios used for predicting the impact of IPTi outside
of the trial settings
We predicted age-specific protective efficacy and cumulative
protective efficacy up to the age of four years.
We define the cumulative protective efficacy as
1{
ci=pyari
cp
 
pyarp
 !
where c is the cumulative number of episodes
in the IPTi (i) or placebo (p) groups and pyar are the person-years at
risk.
We also predicted the number of acute episodes, severe episodes
and combined direct and indirect malaria deaths that would be
averted for a period of 20 years following the introduction of IPTi
in a population aged 0 to 90 years. We assumed a reference
scenario with IPTi doses at 3, 4 and 9 months and then changed
the values of different variables one by one to investigate their
effects on the predicted impact (Table 2). The simulations were
based on a population of 200,000 individuals, with an approxi-
mately stationary age-distribution matching that of the demo-
graphic surveillance site in Ifakara, Tanzania, in 1997–99 [47].
Results
Comparison of models with different mechanisms for IPTi
The agreement between the baseline model predictions and
observed trial estimates was generally good (Figure 3 and Table 3).
However, the continued positive protective effects of IPTi
observed in Ifakara between doses and after the last dose were
not fully captured. The Ifakara trial results for the periods between
doses and after the last dose could be matched by reducing the
transmission intensity as found in another study [42], but only if
the intensity was reduced by at least 70% in the second year.
Table 2. Variables that vary between scenarios**.
Variable Description Levels
Intensity of
transmission
Infected bites per adult
per year prior to the
introduction of IPTi
{
High transmission: 200
Moderate transmission:
100
Reference: 21
Low transmission: 6
Treatment coverage Proportion of malaria fevers
treated
4%,3 0 %
Drug resistance Frequency of 3 different
genotypes
100%, 0%, 0%
80%, 10%, 10%
20%, 40%, 40%
0%, 0%, 100%
Prophylactic period Time in days that drug
clears blood-stage infections
for each of the 3 different
genotypes {
0,0,0 days (treatment
only)
50, 10, 0 days
(corresponds to SP)
100, 20, 0 days
IPTi schedule Age at doses 3, 4 and 9 months
Single doses 1.5–24
months*
IPTi coverage Proportion of eligible infants
receiving all 3 IPTi doses
(coverage with first, second
and third dose)
89% (95%,95%,99%)
50% (79%,79%,79%)
100% (100%,100%,100%)
**One variable was varied at a time. In each scenario, the variables not being
evaluated were fixed at the reference levels (indicated in bold).
{The seasonality follows that of Namawala, Tanzania.[68] Each simulation
assumes a recurring pattern of the vectoral capacity.
{The proportion of infections cleared by the genotypes are set at 100%,100%
and 50%.
*We investigated the effect of age at dose by simulating a single IPTi dose at
varying ages.
doi:10.1371/journal.pone.0002661.t002
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sums of squares (Table 3). None of the alternative models
substantially improved agreement over that of the baseline model.
However, models 2 and 4 also produced predictions which fell
within the confidence intervals of the estimates of protective
efficacy obtained in the trials (not shown) and could not be ruled
out as providing an explanation for the effects of IPTi. Altering the
duration of SP action (model 2) improved the fit slightly in the case
of Navrongo and Manhic ¸a, but reduced the fit for Ifakara, in
comparison to the baseline model. Overall, however, the
predictions were similar to those of the baseline model which
can most likely be attributed to the similarity of the assumed action
of SP since only the duration was altered. The predictions made by
model 4 (where fevers penalized the acquisition of immunity) did
not substantially differ from those of model 1. The greatest
difference was seen in the results for Ifakara, where the assumption
of benefits to acquired immunity from avoiding fevers increased
the predicted efficacy between doses and after the last dose.
Models 3 and 5 both incorporated processes to lengthen the
duration of SP action beyond the duration of active drug
concentrations. Their results were not consistent with Navrongo
trial estimates, since they failed to capture the lack of effect of IPTi
between doses and after the last dose. However, these models best
predicted the high efficacy estimates observed between doses and
after the last dose in the Ifakara trial.
Model 1 also adequately predicted the impact of IPTi on
hospital admissions (Table 4).
Figure 3. Comparison of trial estimates and baseline model predictions of protective efficacy of IPTi with SP against clinical
episodes, by age group. Open circles=Trial estimate with 95% confidence interval. Filled circles=Baseline model prediction. Protective
efficacy=percentage reduction in incidence of clinical episodes in IPTi group compared to placebo group. The age groups that the morbidity
surveillance refers to are illustrated on the right-hand side. The arrows point to the scheduled ages at IPTi doses.
doi:10.1371/journal.pone.0002661.g003
Table 3. Model fit for acute episodes assessed by weighted
sums of squares.
Description of model Navrongo Manhic ¸a Ifakara Total
Model 1 Baseline 0.618 0.046 0.239 0.903
Model 2 30 day SP action 0.557 0.039 0.386 0.982
Model 3 Repeat episodes 1.515 0.534 0.089 2.138
Model 4 Avoiding fevers 0.699 0.043 0.180 0.922
Model 5 Attenuated infections 2.845 0.423 0.128 3.396
We calculated the squared difference between the trial estimate and the
predicted protective efficacy, weighted them by the number of person years at
risk/100 and summed them to give a measure of the goodness-of-fit. A smaller
value indicates a better fit. The three trials with EIR measurements were
formally used to test the models, the remaining three were used only to
validate the model output against general patterns in the trial results.
doi:10.1371/journal.pone.0002661.t003
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three trials not included in the formal comparison. They reported
efficacy estimates in line with the Manhic ¸a and Navrongo trials.
Only previously unobserved features were used for further
validation of the baseline model. In the trial in Kumasi [31],
IPTi doses were given at 3, 9 and 15 months of age. Kumasi
villages with higher incidence of malaria in the placebo group
show a linear increase in observed protective efficacy in the
following 6 months [48]. Model 1 did not reproduce this result.
Our simulated protective efficacy showed either no change or a
slight decrease over a wide range of incidence values. The
observed association may be due to different health system
coverage in the different villages [49], or the additional influence
of increased acquired immunity on SP efficacy [48]. Alternatively,
the observation may be due to different specificities of case
definitions in the different villages [48]. The model would be able
to capture the effect of treatment coverage if it is known, but at
present is unable to capture the effect of increased immunity on SP
action or effects of different specificities since non-malaria fevers
are not modelled. Model 1 also did not fully capture the large
negative efficacy observed for severe malarial anaemia in the post-
intervention period in the trial in Tamale [32].
Predicted impact of IPTi using the baseline model
Predicted patterns of protective efficacy by age were similar for
acute malaria episodes, severe episodes and malaria-attributable
mortality using model 1 (Figure 4a), with a small negative efficacy
after the final dose for all outcomes. The slight delay in the peak
protective efficacy for mortality is due to the inclusion of indirect
malaria deaths, which occur as a result of an acute episode in
conjunction with a co-morbidity and occur 30 days after the acute
episode [9]. In contrast, the cumulative protective efficacy varied by
outcome in the settings modelled (Figure 4b), at four years of age, the
greatest effect was on mortality, followed by severe episodes. This is
due partly to different predicted age-distributions of episodes in the
placebo group and partlyto age-dependent components in the model
for severe episodes and mortality. The cumulative efficacy did not fall
below zero for this or any of the other scenarios we have simulated.
The predicted number of episodes averted increased steadily
over 20 years from the introduction of an IPTi programme
(Figure 5). The linear increase reflects the negligible impact of IPTi
on transmission and the short-term effects of IPTi in individuals.
The predicted number of clinical episodes averted was greatest for
moderate transmission settings (Figure 5a), but the number of
deaths averted was greatest for higher transmission settings
(Figure 5c). The number of deaths averted was greater for settings
with a lower proportion of fevers treated and for IPTi drugs with a
longer prophylactic period (Figure 5). Higher IPTi coverage and
greater drug efficacy (or lower drug resistance) were also predicted
to avert a greater number of episodes (not shown). The small
predicted negative efficacy following the last dose as shown in
Figure 4 was reduced both in settings where the impact of IPTi
was less, such as with low drug efficacy or a high proportion of
treated fevers, and in settings where there was low transmission
intensity and thus little acquired immunity.
We simulated the number of episodes averted for varying
Expanded Programme on Immunization (EPI) schedules (not
Table 4. Observed and predicted protective efficacy for
severe episodes presenting for treatment.
Observed hospital
admissions with
parasitaemia
Observed all-
cause
admissions
Predicted admissions
due to severe malaria
(model 1)
first dose-12months
Ifakara 58.5 (28.7, 75.8) 29.2 (6.6, 46.2) 48.7
Navrongo 50.2 (22.6, 68.0) 17.7 (20.1, 32.3) 32.9
Manhic ¸a 22.5 (216.0, 48.2) 24.6 (7.2, 38.7) 30.0
5 months after last dose
Ifakara 15.3 (265.0, 56.5) 24.9 (247.1, 25.2) 18.5
Navrongo 214.2 (295.9, 33.4) 216.3 (253.0, 11.6) 0.04
Manhic ¸a 232.0 (2114, 18.2) 8.1 (225.7, 32.8) 21.7
doi:10.1371/journal.pone.0002661.t004
Figure 4. Predicted protective efficacy and cumulative protective efficacy by age. A. Predicted efficacy by age; B. Predicted cumulative
efficacy by age for the reference scenario (summarized in Table 2) using model 1. IPTi doses were given following an EPI schedule at 3, 4 and 9
months of age. Dotted line=clinical malaria episodes; dashed line=severe episodes; solid line=malaria-attributable mortality.
doi:10.1371/journal.pone.0002661.g004
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important, with a greater number of episodes averted for doses at 4,
6, 9 months compared to 4, 5, 9 months. For simplicity, we show the
effect of age at the time of doses by simulating a single dose although
the number of episodes averted with a single dose is lower than with
the three dose schedule. A single SP dose was predicted to have a
beneficial impact for all of the transmission intensites and ages up to
24 months. The age at which the maximum number of acute
episodes and deaths were averted for a single SP dose was
approximately 5 months for both high and moderate transmission
intensities, but there is no obvious peak within the first 24 months for
low transmission intensities(Figure6). Forsevereepisodes, two peaks
are apparent for the high and moderate transmission intensities.
These reflect a shift between two types of severe malaria in the
model. At younger ages, the majority of severe episodes averted are
caused by an acute episode in conjunction with co-morbidity, and at
older ages, overwhelming parasitaemia. For a single dose at older
ages, the number of episodes averted by a single dose is greater for
moderatetransmissionintensities.Atlowtransmissionintensities,itis
been proposed that doses at later ages would avert the greatest
numberofepisodes[50],andourpredictionsare consistentwith this.
However, there is greater uncertainty in our predictions for low
transmission intensities due to the effects of heterogeneity [5,10].
Discussion
Trial-specific inputs together with the baseline model repro-
duced the pattern of trial results reasonably well. Although there
was no clear ‘best model’, none of the alternative models
substantially improved agreement. This indicates that known
features of malaria epidemiology together with the duration of SP
action can account for the trial results and the variability
between them. However, other hypotheses involving interactions
between drug concentrations and acquired immunity or fevers
and acquired immunity could not be ruled out as possible
mechanisms.
Figure 5. Predicted number of episodes averted by time since start of IPTi programme.
doi:10.1371/journal.pone.0002661.g005
First column Effect of varying EIR from 6 (dotted line), 21(solid line), 100 (dash-dot line), 200 (dashed line) on A) clinical malaria episodes B) severe episodes, C)
malaria-attributable mortality
Second column Effect of varying health system coverage from 4% fevers treated (solid line) to 30% (dashed line) on D) clinical malaria episodes, E) severe episodes, F)
malaria-attributable mortality
Third column Effect of varying prophylactic period for sensitive infections from treatment effect only (dashed line), 50 days (solid line), 100 days (dotted line) on G)
clinical malaria episodes, H) severe episodes, I) malaria-attributable mortality
Variables not being evaluated were fixed at the reference levels defined in Table 2
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is effective over a wide range of transmission intensities at reducing
malaria clinical episodes and malaria-attributable mortality in
infants. Small negative protective efficacy values were predicted
for a short time following the prophylactic periods, but these were
outweighed by the cumulative benefits.The predicted short-term
impact of IPTi on an individual’s level of immunity and negligible
effect on transmission intensity produced a steady rate of cases
averted in the community over time from the start of an IPTi
programme. IPTi was predicted to avert a greater number of
episodes where IPTi coverage was higher, the health system
treatment coverage lower, and for drugs which were more
efficacious. A greater number of episodes were also averted with
longer drug prophylactic periods, agreeing with considerations
that the prophylactic period is important for IPTi [51]. The
predicted reductions in mortality were not as large as those
observed with ITN programmes or interruption of transmission.
IPTi has a similar effect on severe episodes as a pre-erythrocytic
vaccine with assumed characteristics [52], but a much lower
impact on uncomplicated episodes. This is likely to be due to the
age-distribution of episodes and the longer-lasting effect of the pre-
erythrocytic vaccine. The predictions also point to when IPTi is
likely to not be useful. The number of cases averted is predicted to
be fewer where IPTi coverage is lower, the health system
treatment coverage is higher, and for short-acting drugs. At very
low transmission intensities the predicted number of cases averted
is few, however the model is likely to be less reliable at low
transmission intensities [5,10] and so it is not easy to determine a
transmission intensity below which IPTi is not useful.
This study offers possible explanations for the very strong
positive protective efficacy observed in the Ifakara trial between
doses and following the last dose. Three models produced
predictions consistent with the observed results (Table 3), two
describing a process for the continued positive benefits of IPTi,
either by enhancing the acquisition of immunity (model 5) or by
clearing infections which may have caused future clinical episodes
(model 3), and model 1 in conjunction with sharply decreasing
transmission. Neither model 3 nor 5 reproduced the results from
the other sites as well as model 1. In the case of model 5, it is not
easy to see why enhancing immunity should work only at low
transmission intensities. However, it is possible that effects
resulting from the timing of episodes (model 3) are only apparent
at low transmission intensities. They may be otherwise obscured
by processes such as interactions between infections or acquired
immunity. However, it is also possible that infections have shorter
durations in infants than in adults [53]. Model 1 was able to
Figure 6. Episodes averted per 1000 population over 20 years by a single dose of IPTi by age at dose A) acute malaria episodes B)
severe episodes C) malaria-attributable mortality. Filled squares EIR=200; hollow triangles EIR=21; hollow circles EIR=6; filled circles EIR=1.
doi:10.1371/journal.pone.0002661.g006
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decreased by 70% or more in the second year. This is a substantial
decrease and it is not known whether the transmission intensity did
decrease so markedly over the study period (1999–2001). The
incidence of uncomplicated episodes halved between 1995 and
2000 [41]. Decreasing transmission intensity was shown to be
consistent with the Ifakara results in another modelling study, but
also required a substantial decrease of 22% per month [42].
Although the causes underlying the Ifakara results remain
unknown, it seems reasonable that transmission intensity, either
low or decreasing, is likely to have played a role. The potential
contribution of the high coverage of ITNs to the large impact of
IPTi in Ifakara has been noted elsewhere [54].
The predicted impact on indirect malaria mortality was greater
than that on direct malaria mortality. The predictions for indirect
malaria mortality, and to a lesser extent, severe episodes rely on
age-dependent co-morbidity functions. In a trial setting with access
to good health care, the age-pattern of comorbidity may be quite
different to that implicitly assumed by our models, which were
fitted to other datasets [9]. In this case, the impact of IPTi on
severe malaria and malaria-attributable mortality would be
expected to be lower. Reductions in mortality have not been
observed in the field trials reported to date, but the trials were not
powered for this outcome.
This is the most comprehensive model to date, but still has certain
limitations. The model predictions are unlikely to be reliable for low
transmission intensities due to factors such as micro-heterogeneity
and in-migration [10], and thus it is difficult to determine the range
of transmission intenities where IPTi is not useful.
We were unable to capture the effects of drug levels on parasite
population dynamics by the current within-host model which relies
on empirical averaged parasite densities. A within-host model
which will capture immune development more explicitly is in
preparation, and will include several immune responses, fevers and
antigenic variation. It will also allow a more realistic model of the
action of SP.
The model component for the action of SP was compatible with
our model of malaria epidemiology. It is a simple model derived
from dose-response curves and isobolograms [6]. SP is assumed to
act on the infection, either clearing it or not. This model would be
unable to account for certain observed effects such as density-
dependent cure rates or effects of acquired immunity. A more
refined model would allow the drug concentrations to affect
individual parasites. Such a model has been formulated by Gatton
and colleagues [55]. All SP models to date have been constructed
using data on SP concentrations in adults. There is evidence that
SP is cleared more quickly in children and requires a greater dose
per kilogram to reach the same concentrations [56], but little is
known about infants. Data on the pharmacokinetics of SP in
infants and the impact on infections with dhfr and dhps mutations
are needed [57]. Adverse side-effects of SP are beyond the scope of
this model. Although very rare, these have been reported [31].
The model also does not incoporate the effect of IPTi on levels of
drug resistance, which has been modelled elsewhere [58,59].
We did not include the impact of IPTi on anaemia in our
model. Whilst anaemia is an important consequence of malaria,
the lack of knowledge about the dynamic effects of malaria and
anaemia on one another limits our ability to construct a
satisfactory model. We have previously used a model relating
anaemia to the population prevalence of parasitaemia [60] to
predict the impact of pre-erythrocytic vaccines [52]. However, in
the case of IPTi, the short-term blood-stage effects of the drugs
and use of iron supplementation in some of the trials rendered this
model unsuitable. A model of anaemia may be able to account for
the severe malarial anaemia rebound which was observed in the
trial in Tamale [32].
In conclusion, several models reproduced the trial data
adequately so a single clearly preferred hypothesis for the
secondary effect of IPTi on anti-malarial immunity cannot be
identified. The previously published model adopted as our baseline
model [5], with additional components for the action of SP, can
reproduce the trial results using known features of malaria
epidemiology. We propose that this model is suitable for making
predictions of the impact of IPTi. These predictions suggest that
IPTi would have a beneficial impact across a wide range of
settings. These analyses contribute to a growing database of the
likely effectiveness of different malaria control strategies generated
using this common simulation platform [10].
Supporting Information
Table S1 Parameter estimates for the models
Found at: doi:10.1371/journal.pone.0002661.s001 (0.15 MB
DOC)
Acknowledgments
We thank Wibke Busch, Daniel Chandramohan, Claudia Daubenberger,
Andrea Egan, Martin Grobusch, Roly Gosling, Mary Hamel, Ian Hastings,
Robin Kobbe, Ju ¨rgen May, Clara Menendez, Ivo Mu ¨ller, Rob Newman,
Allan Schapira, Joanna Armstrong Schellenberg and all the malariacon-
trol.net participants. We thank the two anonymous referees for their
comments.
Author Contributions
Conceived and designed the experiments: AR. Wrote the paper: AR MP
TS. Developed the model: AR MP. Developed the software: NM AS.
Reviewed the paper: IC DS BG MT. Developed the study: IC DS BG MT.
References
1. IPTi Consortium (2008) www.ipti-malaria.org.
2. ter Kuile F, Steketee R (2006) Intermittent preventive treatment in infants -
adjusting expectations and seeing opportunity. J Inf Dis 194: 269–72.
3. IPTi Consortium Statistical Working Group report. September 2007.
4. Schellenberg D, Cisse B, Mendendez C (2006) The IPTi Consortium: research
for policy and action. Trends Parasitol 22: 296–300.
5. Smith T, Killeen GF, Maire N, Ross A, Molineaux L, et al. (2006) Mathematical
modeling of the impact of malaria vaccines on the clinical epidemiology and
natural history of Plasmodium falciparum malaria: Overview. Am J Trop Med Hyg
75 (Suppl 2): 1–10.
6. Hastings I, Watkins WM (2006) Tolerance is the key to understanding
antimalarial drug resistance. Trends Parasitol 22: 71–77.
7. Maire N, Smith T, Ross A, Owusu-Agyei S, Dietz K, Molineaux L (2006) A
model for natural immunity to asexual blood stages of Plasmodium falciparum
malaria in endemic areas. Am J Trop Med Hyg 75 (Suppl 2): 19–31.
8. Smith T, Ross A, Maire N, Rogier C, Trape JF, Molineaux L (2006) An
epidemiologic model of the incidence of acute illness in Plasmodium falciparum
malaria. Am J Trop Med Hyg 75 (Suppl 2): 56–62.
9. Ross A, Maire N, Molineaux L, Smith T (2006) An epidemiologic model of
severe morbidity and mortality caused by Plasmodium falciparum. Am J Trop Med
Hyg 75 (Suppl 2): 63–73.
10. Smith T, Maire N, Ross A, Penny M, Chitnis N, et al. (2008) Towards a
comprehensive simulation model of malaria epidemiology and control. Parasitol;
in press.
11. Maire N (2008) Using volunteer computing to simulate the epidemiology and
control of malaria: malariacontrol.net. In: Distributed & Grid Computing -
Science made transparent for everyone;Principles, applications and supporting
communities. Rechenkraft.net. in press.
12. White N (1997) Assessment of the pharmacodynamic properties of antimalarial
drugs in vivo. Antimicrob Agents Chemother 41: 1413–1422.
Modelling the Impact of IPTi
PLoS ONE | www.plosone.org 10 July 2008 | Volume 3 | Issue 7 | e266113. Watkins WM, Mberu EK, Winstanley PA, Plowe CV (1997) The efficacy of
antifolate antimalarial combinations in Africa: a predictive model based on
pharmacodynamic and pharmacokinetic analyses. Parasitol Today 13: 459–464.
14. Coulibaly D, Diallo DA, Thera M, Dicko A, Guindo A, et al. (2002) Impact of
pre-season treatment on incidence of falciparum malaria and parasite density at
a site for testing malaira vaccines in Bandiagara, Mali. Am J Trop Med Hyg 67:
604–10.
15. Chandramohan D, Owusu-Agyei S, Carneiro I, Awine T, Amponsa-Achiano K,
et al. (2005) Cluster randomised trial of intermittent preventative treatment for
malaria in infants in area of high, seasonal transmission in Ghana. BMJ 331:
727–733.
16. Cairns M, Carneiro I, Milligan P, Owusu-Agyei S, Awine T, et al. (2008)
Duration of protection against malaria and anaemia provided by intermittent
preventive treatment in infants in Navrongo, Ghana. PLoS ONE 3(5): e2227.
17. Collins WE, Jeffery GM (1999) A retrospective examination of the patterns of
recrudescence in patients infected with Plasmodium falciparum. Am J Trop Med
Hyg 61: 44–48.
18. Smith T, Maire N, Dietz K, Killeen GF, Vounatsou P, et al. (2006) Relationship
between the entomologic inoculation rate and the force of infection for
Plasmodium falciparum malaria. Am J Trop Med Hyg 75: 11–18.
19. Schellenberg D, Aponte J, Menendez C, Alonso P (2006) Intermittent preventive
malaria treament in infants (correspondence). Lancet 366: 545–546.
20. Sutherland C, Drakeley C, Schellenberg D (2007) How is childhood
development of immunity to Plasmodium falciparum enhanced by certain
antimalarial interventions? Malar J 6: 161.
21. Belnoue E, Costa F, Frankenberg T, Viga ´rio AM, Voza T, et al. (2004)
Protective T cell immunity against malaria liver stage after vaccination with live
sporozoites under chloroquine treatment. J Immunol 172: 2487–2495.
22. Pombo D, Lawrence G, Hirunpetcharat C, Rzepcyzk C, Bryden M, et al. (2002)
Immunity to malaria after administration of ultra-low doses of red cells infected
with Plasmodium falciparum. Lancet 360: 610–617.
23. Cisse B, Sokhna C, Boulanger D, Milet J, Ba E, et al. (2006) Seasonal
intermittent preventive treatment with artesunate and sulfadoxine-pyrimeth-
amine for prevention of malaria in Senegalese children: a randomised, placebo-
controlled, double-trial. Lancet 367: 659–667.
24. Massaga JJ, Kitua A, Lemnge MM, Akida J, Malle LN, et al. (2003) Effect of
intermittent treatment with amodiaquine on anaemia and malarial fevers in
infants in Tanzania: a randomised placebo-controlled trial. Lancet 361:
1853–1860.
25. Desai MR, Mei JV, Kariuki SK, Wannemuehler KA, Phillips-Howard PA, et al.
(2003) Randomized, controlled trial of daily iron supplementation and
intermittent sulfadoxine-pyrimethamine for the treatment of mild childhood
anaemia in Western Kenya. J Inf Dis 187: 658–666.
26. Dicko A, Sagara I, Sissoko M, Guindo O, Diallo A, et al. (2004) Impact of
intermittent preventive treatment with sulphadoxine-pyrimethamine targeting
the transmission season on the incidence of clinical malaria in children of 6
months to 10 years in Kambili, Mali. Am J Trop Med Hyg 71(suppl): abstract
18.
27. Schellenberg D, Menendez C, Kahigwa E, Aponte J, Vidal J, et al. (2001)
Intermittent treatment for malaria and anaemia control at time of routine
vaccinations in Tanzanian infants: a randomised, placebo- controlled trial.
Lancet 357: 1471–1477.
28. Schellenberg D, Menendez C, Aponte J, Kahigwa E, Tanner M, et al. (2005)
Intermittent preventative antimalarial treatment for Tanzanian infants: follow-
up to age 2 years of a randomised, placebo-controlled trial. Lancet 365:
1481–1483.
29. Macete E, Aide P, Aponte J, Sanz S, Mandomando I, et al. (2006) Intermittent
preventive treatment for malaria control administered at the time of routine
vaccinations in Mozambican infants: a randomized, placebo-controlled trial. J Inf
Dis 194: 276–85.
30. Grobusch MP, Lell B, Schwarz N, Gabor J, Do ¨rneman J, et al. (2007)
Intermittent preventive treatment in infants against malaria in Gabon - a
randomized, double-blind, placebo-controlled trial. J Inf Dis 196: 1595–1602.
31. Kobbe R, Kreuzberg C, Adjei S, Thompson B, Langefeld I, et al. (2007) A
randomized controlled trial of extended intermittent preventive antimalarial
treatment in infants. Clin Infect Dis 45: 16–25.
32. Mockenhaupt F, Reither K, Zanger P, Roepcke F, Danquah I, et al. (2007)
Intermittent preventive treatment in infants as a means of malaria control: a
randomized, double-blind, placebo-controlled trial in northern Ghana. Anti-
microb Agents Chemother 51: 3273–3281.
33. Smith T, Hurt N, Teuscher T, Tanner M (1995) Is fever a good sign for clinical
malaria in surveys of endemic communities? Am J Trop Med Hyg 52: 306–310.
34. Chandler C, Drakeley C, Reyburn H, Carneiro I (2006) The effect of altitude on
parasite density case definitions. Trop Med Int Health 11: 1178–1184.
35. Chitnis N, Steketee RW, Smith T (2008) A mathematical model for the
dynamics of malaria in mosquitoes feeding on a heterogeneous host population.
J Biol Dynam, in press.
36. Lines J, Armstrong-Schellenberg JR (1992) For a few parasites more: inoculum
size, vector control and strain-specific immunity to malaria. Parasitol Today 8:
381–382.
37. Glynn JR, Collins WE, Jeffery GM, Bradley DJ (1995) Infecting dose and
severity of malaria. Trans R Soc Trop Med Hyg 89: 281–283.
38. Boyd M (1940) The influence of sporozoite dosage in vivax malaria. Am J Trop
Med 20: 279.
39. Schellenberg DM, Aponte JJ, Kahigwa EA, Mshinda H, Tanner M, et al. (2003)
The incidence of clinical malaria detected by active case detection in children in
Ifakara, southern Tanzania. Trans R Soc Trop Med Hyg 97: 647–654.
40. Henning L, Schellenberg D, Smith T, Henning D, Alonso P, et al. (2004) A
prospective study of Plasmodium falciparum multiplicity of infection and morbidity
in Tanzanian children. Trans R Soc Trop Med Hyg 98: 687–694.
41. Schellenberg D, Menendez C, Aponte J, Guinovart C, Mshinda H, et al. (2004)
The changing epidemiology of malaria in Ifakara Town, southern Tanzania.
Trop Med Int Health 9: 68–76.
42. Gosling R, Ghani A, Deen J, von Seidlein L, Greenwood B, Chandramohan D
(2008) Can changes in malaria transmission intensity explain lack of rebound
and contribute to high protective efficacy of intermittent preventive treatment
for malaria in infants? Malar J 7: 54.
43. Maire N, Aponte J, Ross A, Thompson R, Alonso P, et al. (2006) Modeling a
field trial of the RTS,S/ASO2A malaria vaccine. Am J Trop Med Hyg 75
(Suppl 2): 104–110.
44. Binka F, Morris SS, Ross DA, Arthur P, Aryeetey ME (1994) Patterns of malaria
morbidity and mortality in children in northern Ghana. Trans R Soc Trop Med
Hyg 88: 381–385.
45. Stepniewska K, Taylor W, Mayxay M, Price R, Smithuis F, et al. (2004) In vivo
assessment of drug efficacy against Plasmodium falciparum malaria: duration of
follow-up. Antimicrob Agents Chemother 48: 4271–4280.
46. Ringwald P (2005) Susceptibility of Plasmodium falciparum to antimalarial drugs:
Report on global monitoring, 1996–2004.
47. INDEPTH Network (2002) Population, Health and Survival at INDEPTH Sites.
Ottawa: IDRC.
48. Kobbe R, Adjei S, Kreuzberg C, Kreuels B, Thompson B, et al. (2007) Malaria
incidence and efficacy of intermittent preventive treatment in infants. Malar J 6:
163.
49. Kreuels B, Kobbe R, Adjei S, Kreuzberg C, von Reden C, et al. (2008) Spatial
variation of malaria incidence in young children from a geographically
homogenous area with high endemicity. J Inf Dis 197: 85–97.
50. Chandramohan D, Webster J, Smith L, Awine T, Owusu-Agyei S, Carneiro I
(2007) Is the Expanded Programme on Immunisation the most appropriate
delivery system for intermittent preventive treatment of malaria in West Africa?
Trop Med Int Health 12: 743–750.
51. White N (2005) Intermittent presumptive treatment for malaria. PLoS Med 2:
28–33.
52. Maire N, Tediosi F, Ross A, Smith T (2006) Predictions of the epidemiologic
impact of introducing a pre-erythrocytic vaccine into the expanded program on
immunization in sub-Saharan Africa. Am J Trop Med Hyg 75 (Suppl 2):
111–118.
53. Walton GA (1947) On the control of malaria in Freetown, Sierra Leone. 1.
Plasmodium falciparum and Anopheles gambiae in relation to malaria occurring in
infants. Ann Trop Med Parasitol 41: 380–407.
54. Menendez C, Schellenberg D, Macete E, Aide P, Kahigwa E, et al. (2007)
Varying efficacy of intermittent preventive treatment for malaria in infants in
two similar trials: public health implications. Malar J 26: 132.
55. Gatton M, Martin L, Cheng Q (2004) Evolution of resistance to sulfadoxine-
pyrimethamine in Plasmodium falciparum. Antimicrob Agents Chemother 48:
2116–2123.
56. Barnes K, Little F, Smith P, Evans A, Watkins W, White N (2006) Sulfadoxine-
pyrimethamine pharmacokinetics in malaria: pediatric dosing implications. Clin
Pharmacol Ther 80: 582–596.
57. White N (2008) How antimalarial drug resistance affects post treatment
prophylaxis. Malar J 7: 9.
58. Alexander N, Sutherland C, Roper C, Cisse ´ B, Schellenberg D (2007) Modelling
the impact of intermittent preventive treatment for malaria on selection pressure
for drug resistance. Malar J 6: 9.
59. Prudhomme O’Meara W, Smith D, Mckenzie F (2006) Potential impact of
intermittent preventive treatment (IPT) on spread of drug-resistant malaria.
PLoS Med 3: 141.
60. Carneiro I, Smith T, Lusingu J, Malima R, Utzinger J, Drakeley C (2006)
Modeling the relationship between the population prevalence of Plasmodium
falciparum malaria and anemia. Am J Trop Med Hyg 75 (Suppl 2): 82–89.
61. Drakeley C, Schellenberg D, Kihonda J, Sousa CA, Arez AP, et al. (2003) An
estimation of the entomological inoculation rate for Ifakara: a semi-urban area in
a region of intense malaria transmission in Tanzania. Trop Med Int Health 8:
767–774.
62. Appawu M, Owusu-Agyei S, Dadzie S, Asoala V, Anto F, et al. (2004) Malaria
transmission dynamics at a site in northern Ghana proposed for testing malaria
vaccines. Trop Med Int Health 9: 164–170.
63. Schellenberg D, Kahigwa E, Drakeley C, Malende A, Wigayi J, et al. (2002) The
safety and efficacy of sulfadoxine-pyrimethamine, amodiaquine, and their
combination in the treatment of uncomplicated Plasmodium falciparum malaria.
Am J Trop Med Hyg 67: 17–23.
64. Oduro A, Anyorigya T, Hodgson A, Ansah P, Anto F, et al. (2007) A
randomized comparative study of chloroquine amodiaquine and sulphadoxine-
pyrimethamine for the treatment of uncomplicated malaria in Ghana. Trop
Med Int Health 10: 279–284.
65. Abacassamo F, Enosse S, Aponte J, Gomez-Olive X, Quinto L, et al. (2004)
Efficacy of chloroquine, amodiaquine, sulphadoxine-pyrimethamine and
combination therapy with artesunate in Mozambican children with non-
complicated malaria. Trop Med Int Health 9: 200–208.
Modelling the Impact of IPTi
PLoS ONE | www.plosone.org 11 July 2008 | Volume 3 | Issue 7 | e266166. Mockenhaupt F, Ehrhardt S, Dzisi S, Bousema J, Wassilew N, et al. (2005) A
randomised, placebo-controlled, double-blind trial on sulfadoxine-pyrimeth-
amine alone or in combined with artesunate or amodiaquine in uncomplicated
malaria. Trop Med Int Health 10: 512–520.
67. Alloueche A, Bailey W, Barton S, Bwika J, Chimpeni P, et al. (2004)
Comparison of chlorproguanil-dapsone with sulphadoxine-pyrimethamine for
the treatment of uncomplicated falciparum malaria in young African children:
double-blind randomised controlled trial. Lancet 363: 1843–1848.
68. Smith T, Charlwood JD, Kihonda J, Mwankusye S, Billingsley P, et al. (1993)
Absence of seasonal variation in malaria parasitaemia in an area of intense
seasonal transmission. Acta Trop 54: 55–72.
Modelling the Impact of IPTi
PLoS ONE | www.plosone.org 12 July 2008 | Volume 3 | Issue 7 | e2661